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Let X and Y be continuous random variables with joint density
,( )f x y . Let h1 and h2 be real-

valued functions of two variables, 1 2( , ) and ( , ).U h X Y V h X Y   Suppose that 
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Let ( )iX represent the i
th

 order statistics and ( )jX represent the j
th

 order statistics (i < j)then 

their joint density function can be described by 
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Let N be a discrete random variable with set of possible values {1,2,…}. Then 
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Markov Chain: 
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